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Abstract

This research studied the monthly forecasting of urea fertilizer prices in Thailand using
historical prices of agricultural commodities, raw material prices used in production, and
economic indices, employing machine learning algorithms. These factors underwent a feature
selection process before being used to develop the price forecasting models. The results
indicated that the Long Short-Term Memory (LSTM) model achieved an R? of 0.84, an MAE of
763.82 and an MSE of 0.79 x e®, respectively. This model had the highest R* and the lowest
MAE and MSE compared to other models, demonstrating its capability as a tool for farmers to

use in production planning and efficient agricultural resource management.
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